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ABSTRACT
Qualitative coding schemas are an essential part of qualitative re-
search used in methods like Grounded Theory. To date, there is no
platform to share these coding schemas. Sharing and exchanging
these coding schemas has a great potential when it comes to the
traceability of qualitative research and well as the re-use of coding
schemas. Based on an interview study with qualitative researchers,
we propose concepts for integrating a new platform for sharing
qualitative coding schemas. Based on theoretical work by Birnholtz
and Bietz (2002), it became clear that an easy-to-use system can
foster the acceptance and the willingness of researchers to share
their coding schemas. We identified three major points to focus for
this on: the governance of the platform, the development of the
ontology itself and integrating the sharing of qualitative coding
schemas into the workflow of researchers by enabling direct upload
from the qualitative coding software.
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1 INTRODUCTION
The basic ideas behind Open Science are probably centuries old and
are present in the earliest letters and establishment of journals for
sharing research results. The expansion of science as a productive
discipline, and concerns about junk science, have renewed the focus
on the concept of Open Science. Since, roughly 2000, there has been
a growing discussion of what constitutes Open Science [12]. Some
clear components of Open Science include the sharing of scientific
data, scientific methods, as well as research results.

The accessibility of data facilitates sharing data across multiple
fields of knowledge, people, and institutions as well as the valida-
tion of results. According to the Open Science Collaboration (OSC),
prior research “should not gain credence because of the status of
authority of their originator but by the replicability of their support-
ive evidence” [7]. With the ongoing replication crisis it is important
to be able to have access to prior data and clear methodologies
for collecting and analyzing such data. Furthermore, sharing data
allows researchers to build off the assumptions and efforts of past
research. Access to open data enables the broadening of research
scopes and the ability to diversify perspectives in science [10].

However, open data can be a double-edged sword. While some
researchers can benefit from the sharing of data, others who might
havemore privilegemight not see as much value. Some scientists be-
lieve that sharing data can lead to issues around commercialisation
or have undue impact on their own reputation [18]. While making
data open and available is important, these differing perspective
make it extremely difficult [4]. Past researchers have explored and
classified the problems related to open science across knowledge
fields [10, 18].

In this study, we leverage a framework developed by Birnholtz
and Bietz that classifies the type of difficulties researchers face
when sharing their data [4]. To date, the majority of focus on data
and methods sharing in open science has focused on quantita-
tive type methods. In quantitative methods, the focus is on the
replicability of research, whereas in qualitative research, traceabil-
ity is the more important feature when it comes to open science.
This creates special requirements in open science for qualitative
research. In prior work an ontology to help describe qualitative
research coding schemas was developed [14]. The ontology was
embodied in a prototype semantic wiki system and populated with
a small set of qualitative coding schemes that had been published in
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peer-reviewed papers. Through a structured, task-based interview
protocol, we had 20 participants interact with the prototype sys-
tem. We sought to understand how this ontology might be used by
qualitative researchers and how it may fit into their workflow. We
analyzed the participants responses to understand how a qualitative
coding schema ontology system can be used in qualitative coding
processes. The findings from our analysis is then contextualized
through the Birnholtz and Bietz framework.

Broadly, we believe the ontology for sharing qualitative coding
schemas has the potential to make qualitative research more trans-
parent as well as encouraging researchers to share more of their
work, making their scientific process more visible. The ontology
can make the reuse of qualitative schemas easier by providing a
richer context for understanding the schema, how it can be applied,
and for which types of data it is effective. However, as our analysis
illustrates, for these types of systems to facilitate open science, the
costs of participation need to be integrated into the workflow of
researchers at a minimal cost to encourage sharing.

In the following we first outline prior work related to the way
qualitative research schemas are shared. We then review the Birn-
holtz and Bietz [4] framework and state our research question. We
explain our task driven data collection methods and present our
findings in the context of the Birnholtz and Bietz framework. Finally,
we close the paper by discussing the results and offer recommenda-
tions for what a future platform for sharing coding schemas might
look like.

2 PRIORWORK
Understanding coding schemas through prior research literature
is challenging. In some cases the creation or development is the
objective of the research. For example, for many who follow a a
Grounded Theory approach, the coding schemas reflect an impor-
tant part of the theory they will ultimately attempt to describe
[20]. In other qualitative research, the coding schema is a means of
getting to the real result. However, one commonality across most
qualitative work is that there are few systematic ways of describing
and cataloging the schema and how it was applied. This results in
a paucity of literature detailing the systematic study of qualitative
coding schemas.

Earlier research showed that documentation of data is an impor-
tant factor in the reuse of that data. Kowalczyk, S., & Shankar, K.
[16] define all this as context:“[...] context documents how datasets
fit into their physical and technical environments (file formats and
field descriptors) as well as into the scientific environment (exper-
iment treatments and applications).” Faniel et al. also proved this
when evaluating that metadata quality is important for the satis-
faction of social scientists with data portals [9]. Therefore we infer
that for the sharing of coding schemas the quality of the provided
metadata is crucial. Based on this approach, the definition of meta-
data or ontologies as “a formal, explicit specification of a shared
conceptualization” [21] and see this metadata, which is to describe
the coding schemas as important information the field agreed on.

Research shows that when sharing data, researchers should de-
scribe the data since information experts often do not have adequate
insight into the prior research. Therefore it is important to facilitate
the sharing of coding schemas via easy-to-use platforms [4, 19].

Based on this, how data is input into such a system is important. It is
necessary to encourage researchers to share their coding schemas,
but there also needs to be governance of the platform. We also want
to talk in this paper about how to ensure the government of a new
system for the sharing of qualitative coding schemas.

An example of such a system is Dendro, which allows researchers
to place data into a repository and also create ontologies in order
to describe it in a meaningful way. This system also shows that
the creation of ontologies is often a participatory process involving
researchers and experts in the field [6].

In the sciences there is a huge amount of so-called dark data,
which was created in small research projects often without data
management plans and that is shared either on a personal level or
not shared at all. Often this data is not well-documented [13].

Qualitative research often suffers this problem as well. Many
projects can be considered small science [5] in which it is hard to
find coding schemas in a meaningful way. Small science also means
there are no large projects and great standardization, rather small
projects, often done by single researchers and no large standards of
platforms. Leaving this data as “dark data” makes it useless with no
possibility to reuse it. Publishing the data gives other researchers
the opportunity to use it and the researcher who created the data
the possibility to be cited for their work.

One way to facilitate the sharing of data is the creation of plat-
forms where researchers can expose how the data was created,
which is also already done. For the sharing of qualitative coding
schemas, there does not exist such a platform. There need to be
more ways of attribution towards the sharing of coding schemas
in order to motivate people sharing their data. Another way to
enforce this type of sharing is for journals to enforce the sharing of
coding schemas whenever an article is published [16]. Publishing
data and coding schemas together with corresponding articles also
gives the opportunity to easily find data, which helps in the sense
of scientific knowledge graphs [3].

Prior research on barriers for the sharing of data claimed for the
field of psychology that sharing of research data can be enforced
via journals, funding agencies and institutions [15].

In recent years, there were several developments regarding the
quality of the research data using the FAIR principles [23] as well
as for the development of platforms with the CARE principles [2].
The FAIR principles mean findability, accessibility, interoperability
and reuseability and formulate criteria for research data when
these are shared within a platform. The CARE principles stand for
collective benefit, authority to control, responsibility and ethics.
These principles can be seen as blueprint for the creation of research
data centers.

Bringing this together also shows that ontologies take a very
important role in this process since they make the reuse of data
in the sciences possible. Without well-described coding schemas,
the re-use of coding schemas is not possible. But for the descrip-
tion of the coding schemas it is necessary that the researchers are
incentivized to take the time to describe the data.

The group REFI1 took one step towards sharing of qualitative cod-
ing schemes while creating the standard REFI-QDA Codebook[8],
an exchange format with which it is possible to transfer a coding

1https://www.qdasoftware.org/
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schema from one software to the next. The readability of file for-
mats is a great problem in sharing data (data sharing in sciences),
however this exchange format gives a start in order to archive and
share data, still different software does use different notions of
coding schemas, therefore not all information is shared within the
format.

Summing up, there is currently no platform that allows the shar-
ing of qualitative coding schemas. If such a system is to be devel-
oped, it has to fit into the workflow of the users in order to make
it useful and to lower issues for uploading coding schemas to the
system.

2.1 Ontology Description
We leverage one specific ontology designed to facilitate the sharing
of qualitative coding schemas. These types of schemas are often
used during systematic coding of qualitative data into descriptive
categorical buckets. The ontology we use was developed through
participatory design methods including interviews, observations
and feedback rounds for prototypes [14].

The ontology consists of five main categories: publications, re-
search data, study descriptions, coding schemas and codes. Each of
these categories contains further information about these types of
information. The following graphics shows the structure:

Figure 1: Structure of the ontology

The goal was to create an ontology that can be used in a stan-
dalone platform while integrating other types of information like
publications and research data in the sense of a research graph,
while also providing basic information about these links. The ontol-
ogy therefore includes contextual information about project as well
as research data. Naturally, not all projects will contain all potential
artifacts, but the ontology was designed to represent key artifacts
related to a schema. A prototype of the ontology can be found on
Github2.

A prototype implementation of the ontology was built using
Semantic MediaWiki3. The prototype was populated with several
coding schemas that our research participants were able to browse.
We implemented the coding schemas as well as the connections to
research data, projects and papers. The research participants were
able to navigate freely in the system and choose the information
they needed for the specific study tasks. The MediaWiki navigation
was as follows: on the main page there were links to overview
2https://github.com/julianhocker/Quali-Codes-Ontology
3https://www.semantic-mediawiki.org

pages for publication, study, research data and coding schema. If
the participant clicked on one of these main categories, they found
a page with all content within these main categories, e.g. all coding
schemas in the system. From this, participants could navigate to a
specific item, e.g. coding schema. On these item pages, participants
found all metadata as well as links to codes, publication, study and
research data, which belong to this coding schema. This navigation
largely reflects the links present in the ontology diagram of Figure
1.

3 RESEARCH QUESTION
Our research question is.... How does a previously developed qual-
itative data ontology system fit within the existing work flow of
qualitative researchers?

To better understand this question, we use a framework de-
veloped by Birnholtz and Bietz [4] that classified the difficulties
centered around sharing data: (1) willingness to share, (2) locating
shared data (3) using shared data. These authors noted that there
is competition for reputation by scientists which in turn means
that scientists may want exclusive rights to their own data. This
exclusivity reduces their desire to share their methods or data. Ad-
ditionally, scientific disciplines vary in the existence of shared data
repositories, which hinders the ability find and use shared data. Fur-
ther, without the context of a dataset’s creation it can be difficult
for researchers to recreate or appropriately use a shared dataset.

4 METHODOLOGY
Our goal was to understand potential user’s experiences with this
type of open data system. We wanted to understand how potential
users might see this type of system as part of their qualitative
research process. We structured our evaluation process around a
pair of qualitative coding tasks that would require that participants
in our study explore and use the various portions of the system.

We recruited participants for our study through flyers, targeted
mailing lists, and personal contacts at the University of Washing-
ton in Seattle. All of our participants had prior experiences as a
researcher or research assistant associated with a research project
where they had performed a systematic qualitative coding process
as part of their data analysis. While we recruited broadly at our
university, all participants had a background in human-centered
design or information science. Their qualitative experiences ranged
from beginner to expert with respectively 1-5 years of experience.
Most of our participants were undergraduate and graduate stu-
dents working on qualitative research projects. We additionally
had some university researchers who study student behavior and
classroom feedback using qualitative methodologies. In total we
had 20 participants complete our study.

4.1 Task-driven Exploration
Participants began with a 3-part introduction to the prototype with
(i) a video tutorial, (ii) a system comprehension quiz and, (iii) two
qualitative coding tasks that required them to use the system. In
the first part, an 8 minute long video highlighted each section of
the ontology, where one author described each section in detail and
showed the participants how to navigate through the prototype.
The goal of the overview video was to make sure every study
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participant was systematically given the same introduction to the
prototype. A link to our introductory video can be found in the
appendix.

In the second part, the participant was given a prototype compre-
hension quiz to test their understanding of the system. Participants
were allowed to freely explore the prototype before taking the quiz
and could use it to answer questions on the quiz. After the partic-
ipant completed the quiz, the researcher running the study went
over the answers and clarified any answers that were wrong. The
goal of the comprehension question was to make sure that the study
participant understood and comprehended what they had been told
during the video. The comprehension quiz served as a type of atten-
tion check on the information provided. The comprehension quiz
can be found in the appendix.

In the final part, participants were given two different qualitative
coding tasks. For each task, the participant was given 15 minutes
to use the prototype to complete the task. The participant needed
to identify and review one coding schema in the system and apply
the schema codes to four sample texts. The participant was given
a paper based coding sheet with the four text samples and had to
circle or write down the code(s) that best fit the sample text, as the
participant could determine based on the schema. Figure 2, shows
one sample from one coding task. The coding schemas for both
coding tasks were based on schemas from prior published work.
The schemas put into the prototype were trimmed and simplified to
facilitate a timely completion of the coding task. We were not trying
to test the participants accuracy of qualitative coding. Instead, the
goal was to motivate the participant to understand how the pro-
totype represented prior methods and data so that the participant
could more effectively reflect on how they might include systems
like the prototype in their research process.

Figure 2: Example of a coding task. Participants were given
instructions and two samples before beginning the task.
They had the ability to freely use the system to complete
all tasks.

4.2 Semi-structured Interviews
After the task-driven exploration, we conducted semi-structured
interviews to obtain qualitative data about our participant’s experi-
ences with the prototype. Each interview lasted approximately 10-
20 minutes. The semi-structured interview was structured around
the following questions:

(1) Can you briefly describe your strategy for applying the
codes?

(2) What was different about your strategy between the first
coding scheme and the second?

(3) What questions did you have about the coding schemes that
you could not answer with the system?

(4) What aspect of the system was most helpful to your work
to apply the codes?

(5) What meta-data do you feel is missing from the system that
would be helpful for these tasks?

(6) Is there anything else you would like to share about your
experience with the system?

(7) Do you have any questions for us about this system or this
study?

Audio recordings of the interviews were transcribed. We then
conducted a thematic analysis of the transcripts. The research team
met weekly to extract and refine the themes in the transcripts. The
main findings from each participant were listed and then reviewed
by all authors of the paper. The findings reflect common themes.
However, in the process of identifying themes, we also realized
that we were seeing some alignment with the Birnholtz and Bietz
framework, as well as things that did not seem to fit the framework.
In the following section we present our findings.

5 FINDINGS
We structure our presentation of the findings using the three broad
categories from the Birnholtz and Bietz framework: (1) willingness
to share, (2) locating shared data (3) using shared data. As we
described above, all of our participants had prior experience with
qualitative research. In particular, all met the condition that they
had participated in a systematic qualitative coding where they had
applied a schema. Many of our participants had also participated
in the development of one or more coding schemas. Our analysis,
consequently, reflects how experienced qualitative researchers view
a system of data and schema sharing using the ontology.

5.1 Willingness to Share
Birnholtz and Bietz first noted that willingness to share is a problem
for researchers. Scientists often have the potential to profit from
their own data, so sharing might have implications for their reputa-
tion or other benefits such as grants and publications. Additionally,
data sometimes has commercialization interests, which can lead to
proprietary restrictions. In our analysis, participants did not men-
tion issues such as this, probably because of the type of researchers
we interviewed. All researcher informants were connected to the
university system and publishing to a wide audience was key to
their research having a broad impact. Sharing, however, was diffi-
cult to fit into their workflow. Sharing requires additional time and
effort that is not always available for the type of researchers we
interviewed.

5.1.1 The role of the system for use in qualitative methods. Partic-
ipants compared their experience with our system to their own,
prior qualitative coding experiences and hypothesized how our sys-
tem would fit into that process. Most of the participants reported
that they conduct coding tasks either on paper or using spread-
sheets. A minority used commercial qualitative coding software
such as Dedoose or Atlas.TI. In our tests, people were given the
codes on a computer screen while they had to do the coding on
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paper. Interviewees mentioned that it would make sense for them to
have a better integration of the coding schemas into their working
environment:

“I feel like if you can somehow include the things that
I am doing on this paper, that would make it easier to
do.” (P7)

This participant wanted the ability to apply codes to a given text
in the system. They would, therefore, have both the ability to learn
about the coding schema and then use the codes directly in the
system to code and analyze their data.

Figure 3: Coding schema presented as a graph visualization.
The visualization allowed users to see the connections be-
tween codes and multi-level coding schemas.

Some interviewees also mentioned their own prior experiences
with conducting coding in teams. Most of them described this as
quite tough since they were working with multiple people who
have different interpretations of the coding scheme. In their expe-
rience, coding schemas are not always described in a proper and
consistent way. Participants mentioned using digital and "low tech"
(P2) spreadsheets to organize their coding schemas, which did not
allow for the entire schema to be visualized and required a lot of
scrolling and maneuvering around the spreadsheet. In our ontology,
we presented the coding schemas in a visualization as seen in Fig-
ure 3. Participants felt that this visualization was helpful because
it allowed for less navigation than a spreadsheet and the entire
coding schema could clearly be visualized on a single page:

"the visualization works better than a spreadsheet be-
cause a spreadsheet needs a lot of clicking and scrolling
to navigate and find information"(P15)

However, the prototype system we developed only allowed for a
concrete representation of the final codes. Participants noted that
creating a coding schema is a dynamic process and there can be
shifts in the codes. Currently, our ontology does not accommodate
that need:

“Once you have a project that is mature, you have a
stable coding schema but it takes a great deal of work
to get up to that point and what we really have not
seen or tested is the extent which it can support a living

document that has this kind of history of codes that get
subdivided or merged or codes that definitions had.(P10)

Being able to integrate more of the coding process into the pro-
totype would be also helpful for qualitative researchers to share
their codes across a team.

5.1.2 Time is an obstacle. Participants noted that while the pro-
totype was useful to them, they could not see the system being
integrated into their normal study schedule because it required
additional work to input all of the metadata related to their cod-
ing schema. This problem is clearly connected with the need for
strong documentation of coding schemas, but researchers often lack
time to do the documentation. The lack of time leads qualitative
researchers to be less willing to share. One participant noted that in
a project he had created a memo system through email for his team.
He would send out weekly email updates about the coding schema
to the entire team; however, this method was not enacted by his
team because it required too much overhead work. This participant
suggested that adding another tool to the process such as a Wiki
tool would be too difficult to integrate and required a high learning
curve:

"I wonder if you raise the bar even further. If it is not
just an email but a wiki tool. Even as simple as that
is, to what extent you would have to lower the bar to
realistically have that included in the scope of a project,
time and effort. It strikes me that you have to be really
aggressive. Everyone would say that this is really useful
and these are things that people generally have. Every-
one has a codebook but it is just the matter of doing
that in your format. A change in format can be enough
to discourage someone from using something."(P10)

The addition of this type of system to an already existing work-
flow could lead to additional constraints for researchers. Partic-
ipants noted that the addition of just a single new tool to their
process would disrupt their information management practice:

“Here are a lot of fields that I manage in different places
that I store like Zotero, archives.org. I have a workflow
of information management. I do not know how useful
it would be to fill out another form unless it attaches to
these other services.” (P2)

5.2 Locating the Data
Researchers must become aware of who has the data they need and
where the data are located [4]. Sharing data is a social exchange,
which requires trust to gain access to the data [22].

We found that it would be easier for participants to locate data if
such systems were already integrated into the tools that were part
of their coding process.

5.2.1 Integrating the system into the workflow. Some participants
discussed their use of software to do qualitative coding, but most
of them mentioned using spreadsheets or coding on paper. After
using our prototype ontology system, they liked the way in which
the codes were presented, comparing that experience with it to
their usage of other software:
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“We used Dedoose for previous studies. That was not
that great for looking up the codes and what it means”
(P7)

According to this participant, in Dedoose it was not easy to find
a specific code with its definition. Participants noted that in our
prototype, it was easier to explore codes, which were all presented
on one screen:

"As well as that the presentation on the platform works
better than a spreadsheet since it does not involve that
much clicking." (P15)

5.3 Using Shared Data
In our interviews, we found that presentation and documentation
was key for users to locate and use the data. Participants noted
that working with any given dataset requires additional contextual
knowledge about the research to be able to understand how to
use the data. We also found that integrating such system into the
workflow of qualitative research was difficult because it added an
additional learning curve for users.

5.3.1 The role of the system in open science in general. One part
in the creation process of the prototype was to think about how
to present coding schemas. In open science, documentation and
presentation facilitates information retrieval [4]. In our ontology
system, the coding schemas were presented in two ways: Using
a table with a list of the codes and a visualization to show the
relationship between the codes.

Overall, participants like the presentation of the codes. Partici-
pants mentioned that a coding schema was easier to apply with the
use of the table and the visualization in the system. One participant
noted:

“The visual representation of the codes was helpful. It
was easier because of the structure, you can see the main
code and then the codes under that category especially
in the Alexa example.” (P6).

Some of them also mentioned that in their prior experience
they used to work with coding schemes that were not very well
documented, which lead to issues (P7, P10 and P16).

If coding schemes need to be reused, good documentation is
essential to make them understandable for future researchers. Good
documentation can also help make coding within a team easier.
Documentation is important in both open science and qualitative
methods for the traceability of research.

In open qualitative research good documentation helps support
traceability or even replicability [1]. A platform that makes possible
the collection and reuse of coding schemas together with metadata
has the potential to make it easier for studies to become more
traceable or even reproducible. It is important what metadata is
collected because if researchers are able to fill out these metadata,
they provide the information needed for traceability and are able to
meet this quality criteria. Figure 3 and 4 show the coding schemas
in the system.

5.3.2 Shared data allows for different perspectives of the research.
The results of the interview showed that shared data can be used in
different ways. One participant noted that their use of an ontology

would allow them to gain a different perspective than just reading
the original paper the coding schema was presented in:

"a different way of portraying a study. It actually is
if you can see the coding schema and the examples of
that codes. That would be a way to see how they made
sense of the content rather than - because usually when
you read papers, people will skip over the methods and
just go to the research methods and finding. And I think
actually looking at the codes is useful because - the
conclusions they drew in the discussion might not be the
only conclusion and the only significance in the coding
that they did. So I think this provides a different way
into the study than the paper itself."(P18)

This participant noted that understanding the methodologies
and the metadata was different through the use of this system.

6 DISCUSSION
Next we reflect on our findings and present design recommen-
dations for the integration of new qualitative ontologies in open
science. We saw the potential for such platforms to give researchers
new perspectives of data, better documentation for re-use, as well
as support for team coding and better traceability for qualitative
research.

The main obstacle for people to share their data was time. It
takes researchers extra time to document and upload their coding
schemas into a new system. And many will not see much benefit
from spending that extra time. In order to reduce this extra time,
it is important to fit the system into the current workflows of the
researchers. Due to the interpretative nature of qualitative research,
the workflows can be quite diverse: Researchers use specialized
software, or they use spreadsheets or even code their data on paper.
Given the diversity of practice it is unlikely that any system could
completely eliminate the extra time required to open up the research
practice to sharing the wide variety of research artifacts. Therefore,
we acknowledge that it is an open question as to how to create
appropriate incentives to motivate this sharing while reducing the
associated overhead.

We see three different levels that provide openings for resolving
this sharing challenge: the governance of the system, the develop-
ment of the ontologies and the integration of the actual sharing
into the research process.

If the system is online, ultimately the researchers themselves
provide the information about their coding schemas. We argue that
it is more important to enable researchers to document their data in
the way they see fit. The governance structures of the system will
likely need to be settled by the researchers who participate. The sys-
tem should facilitate and encourage representations of the research
artifacts to help with re-use. We believe this means the ontology
is easy to understand and researchers can integrate providing this
information into their research workflows. Ultimately, in order for
qualitative practice to participate in open science, researchers have
to provide the information about their coding schemas, regardless
of how the system in governed or which kind of system is used.

There are currently two governing models right now. One model
followed by many research data centers is quite strict for people up-
loading data and requires a high quality level. While other services
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Figure 4: Coding schema as presented in a table format. Participants could see the definition and example for each code.

like Zenodo, have few quality checks and make easy uploading of
data possible. A third option might be an open portal where every-
one can upload data, but for a paper publication it is mandatory to
upload the coding schemas there and the quality is also checked
by the journal. As claimed in prior research, forcing researchers
to share their research data on publication is a strong incentive
[15]. Another, fourth option, would be to implement the badges
system by open science framework [11], which adds badges to a
publication if material or data are open or if the study has been
pre-registered.

The prototype of the system right now is built up as a single
system, providing also basic information about research data and
publications. In a future system, a system might also only provide
information about the coding schemas or integrate the information
about the coding schemas into a larger system.

Earlier work mentions as one obstacle the fear of scientists that
their data might be misused [17]. This is a pervasive concern with
regard to open science. We acknowledge this threat. However, we
feel it is important to note that our interviewees did not mention
this concern. We think that there is always the possibility to misin-
terpret coding schemas, but this risk can be decreased by having
quality checks within the system so researchers provide high qual-
ity information. For example, high quality data that is rarely shared
might include training materials used to train qualitative coders,
and additional positive and negative examples of coding applica-
tions that were not included in a peer-reviewed publication. These
kinds of additional research materials make it easier to validate
results and make it easier to re-use a coding schema in a more
accurate and trustworthy manner.

Ontologies should be developed and evaluated keeping in mind
that information has to be provided as well as retrieved. Therefore

the input of data should be kept as important as the retrieval. This
also interconnects with the claim to provide easy to use interfaces
for researchers to share data [4]. Following this, it is important
to develop ontologies that consider the workflow of users. One
concern was the amount of work researchers would have to do.
Allowing for an easy integration of a system into the workflow of
researchers with a smaller learning curve can foster the sharing
of coding schemas. This also means that sharing should be part of
the research cycle and planned from the beginning of the research.
This can also make documentation easier if it is done from the start
of the research.

The third point is making the actual sharing easier. This can
done via an easy integration of the sharing of coding schemas
into the QDA software. We see the development of export formats
from the proprietary software. In a future version, it would make
sense if these software would also support a direct upload of coding
schema from the software, making it easy to fill in metadata. When
researchers use spreadsheets for coding, an import of CSV-files
might also make sense.

Some interviewees mentioned it would make sense to have
branches and the functionality to upload certain snapshots of a
coding schema, similar to Git. This also brings up interesting other
ideas because it should be possible to see which coding schemas
are reused by whom and how they changed. A simple solution is
to create a type of reuse link in the ontology for coding schemas.
Another possibility might be to have branches or hard forks in Git,
making it possible to track how researchers reused a coding schema
within other research.
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7 CONCLUSION
Summing up, we can see that the researchers saw potential in the
sharing of qualitative coding schemas and there is a potential for
such a platform to make qualitative research more transparent and
open in the sense of open science.

We used the framework found in Birnholtz and Bietz [4] to
understand how it applies to sharing qualitative research. While the
framework was developed based on studies of quantitative research
we found some alignments with data from our study participants.
We see three major obstacles that have to be tackled: the governance
of the system should be organized making it easy to upload as well
as easy to document the coding schemas. Also, the ontology for such
a system should be developed considering both that information
has to be put into the system by researchers as well as retrieved.
The third method is to enable uploading from coding schemas and
the metadata directly from qda software.
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A LINK TO VIDEO TUTORIAL
https://youtu.be/UuZ8HbtkZHI

B SYSTEM COMPREHENSION QUIZ
Please mark or circle the choice which you feel best answers the
question based on the software orientation training you received
today.

(1) What information can be found in the “Publication” page?
(a) Information about the data collection methods.
(b) Names of author(s) of at least one article related to this

project.
(c) The research questions.
(d) Visualizations of the codes

(2) What information can be found in the “Research data” page?
(a) Visualizations of the codes.
(b) Information about sampling and creation of the data.
(c) Names and affiliation information for authors of related

article.
(d) Participants who were involved in the study.

(3) What content can be found under the “Study” page?
(a) Demographics or descriptions of the study participants.
(b) Description of the data collection research team.
(c) The coding schema exported from commercial qualitative

analysis software.
(d) Visualizations of the codes.

(4) What information can be found in the “Coding schema”
page?

(a) The research motivation.
(b) The research questions.
(c) Information about the data collection methods.

https://www.gida-global.org/care
https://www.gida-global.org/care
Badges to Acknowledge Open Practices
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(d) Names and affiliation information for authors of related
articles.

(5) What does the visualization in the middle of the “Coding
schema” page show?

(a) The relationships between the most important people in
the research field.

(b) The relationships between the authors of the related pa-
pers.

(c) The most frequent codes and how they relate to each other.

(d) The relation of this project in the broader research field.
(6) What information can be found in the “Code” page?
(a) Information about the data collection methods.
(b) A general description of the code, including examples.
(c) The author of the code.
(d) A list of negative code examples.

C EXAMPLE OF QUALITATIVE CODING
EXERCISE
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Figure 5
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